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How do trajectory realize the map?

Past Trajectory <+ BEV Map —>  Future Trajectory
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* Localization is the key!




Which representation better fits trajectory?

Cartesian Coordinate = Occupancy Grid Trajectory on Map
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* While considering the embedding cost:

Cartesian Coordinate < Occupancy Grid < Trajectory on Map
(Less) (More)
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Our Goal

* We provide brand new perspectives for aligning vision and
trajectory representation using color trajectory prompts
and the properties below:

X Human Annotation (No Pixel-wise Label)
V Text Guidance (Token-wise Dictionary)
V Lightweight Structure (Learnable Prompt)
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Capture the local surroundings effectively.
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Contrastive Learning
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Maintain the image semantics with proper text guidance.
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How to ensure the learning of correct localization:
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Meaning of color in frozen CLIP
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Color Distribution on SDD dataset Comparing Different Colors

Less common colors in the dataset may attract more attention.
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